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. . . Deep Convolutional Network (DCN)
http://www.asimovinstitute. Deep Feed Forward (DFF) ~

org/neural-network-zoo/

Perceptron (P) Feed Forward (FF)

Auto Encoder (AE) Variational AE (VAE) Denoising AE (DAE) Sparse AE (SAE)
\

Recurrent Neural Network (RNN)
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Photo Credit: https://commons.wikimedia.org/wiki/File:Artificial neural network.svg
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https://towardsdatascience.com/a-comprehensive-guide-to-convolutional-neural-networks-the-eli5-way-3b
d2b1164a53
https://poloclub.github.io/cnn-explainer/



https://towardsdatascience.com/a-comprehensive-guide-to-convolutional-neural-networks-the-eli5-way-3bd2b1164a53
https://towardsdatascience.com/a-comprehensive-guide-to-convolutional-neural-networks-the-eli5-way-3bd2b1164a53
https://poloclub.github.io/cnn-explainer/
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https://towardsdatascience.com/convolutional-neural-network-feature-map-and-filter-visualization-f75012a
5a49c



https://towardsdatascience.com/convolutional-neural-network-feature-map-and-filter-visualization-f75012a5a49c
https://towardsdatascience.com/convolutional-neural-network-feature-map-and-filter-visualization-f75012a5a49c
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3agadi KoMn'toTEPHOro 30py

Knacudikauisi o6’ekTiB / 300paxeHb

Benjamin Planche, Eliot Andres. Hands-On Computer Vision with TensorFlow 2. 2019.
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|aeHTUikauist 00’eKkTiB NEBHOrO Knacy

identification

Person #1

Person #2

Person #3

Benjamin Planche, Eliot Andres. Hands-On Computer Vision with TensorFlow 2. 2019.
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Bu3HauyeHHs 00’ekTiB Ta Nokanisauis

Benjamin Planche, Eliot Andres. Hands-On Computer Vision with TensorFlow 2. 2019.
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CermeHTauisa ob’exTiB

object segmentation instance segmentation

Benjamin Planche, Eliot Andres. Hands-On Computer Vision with TensorFlow 2. 2019.
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Brn3HayeHHsA BiQHOCHOro NONMOXXEHHS O0’EKTIB

rigid object pose estimation human pose estimation

Benjamin Planche, Eliot Andres. Hands-On Computer Vision with TensorFlow 2. 2019.
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Peani3auiga Keras

model = Sequential()

model.add(Conv2D(32, kernel size=(3, 3), strides=(1, 1), padding="same",
activation='relu', input shape=input shape,
kernel initializer=kernel initializer,
bias initializer=bias initializer,
kernel regularizer=kernel regularizer)),
add(MaxPooling2D(2, 2)),

add(Flatten()),

add(Dense(256, activation='relu')),
add(Dense(256, activation='relu')),
add(Dense(256, activation='relu')),
add(Dropout(0.5)),

add(Dense(n classes, activation='softmax"'))




